
E T H N O B O T   ·   T H E  H E L I X  L A B  

E V I D E N C E  B R I E F   ·   2 0 2 6  

The AI Adoption Crisis 

Why 81% of organisations see no ROI — and what 
cultural intelligence does about it                          

                          
88%  experimenting with AI.                                          

81%  reporting no meaningful results 

Synthesising research from McKinsey, Harvard Business Review, PwC, Capgemini, and primary ethnographic field studies. 
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E X E C U T I V E  S U M M A R Y  

The technology is ready. The 
organisations are not. 
 

A remarkable 88% of organisations worldwide are now experimenting with AI. Yet 81% report 
no meaningful bottom-line gains. The AI adoption crisis is not a technology problem — it is an 
organisational and cultural one, and almost no one is measuring it correctly. 

 

This evidence brief synthesises findings from the largest AI adoption research of 2023–2026 — McKinsey, 
Harvard Business Review, PwC, Capgemini, and others — alongside primary ethnographic research conducted by 
The Helix Lab in Australian government and enterprise settings. Our argument is straightforward: 

 

The gap between AI deployment and AI value is not technical. It is cultural, 
organisational, and structural. Closing it requires a fundamentally different 
diagnostic approach — one that measures what organisations actually enable, 
not what employees nominally use. 

 

This brief presents: 

– The scale of the adoption failure across industries and geographies 

– The evidence for organisational culture as the primary barrier 

– Case studies from Boston, Australia, and the manufacturing sector 
– The case for double transformation — technical and organisational simultaneously 

– The Absorption Gap framework: our original contribution to measuring this crisis 
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S E C T I O N  1  

The numbers behind the crisis 
 

The data is consistent across every major research body. Organisations are deploying AI faster 
than they can absorb it. 

 

88% 

of organisations are now 
experimenting with AI in some 
form 
McKinsey 2026 

81% 

report no meaningful bottom-
line gains from their AI 
investments 
McKinsey 2026 

42% 

abandoned AI projects entirely in 
2025 
S&P Global 

 

85% 

of AI initiatives fail to scale 
beyond the pilot stage 
Capgemini 2023 

17% 

daily active users despite 70% 
‘adoption’ claimed by 
management 
McKinsey 2023 

0.8% 

actual usage in Boston 
government after training 25,000 
employees 
Reboot Democracy 

 

These numbers describe a structural failure. The technology is being acquired. The licences are purchased. The 
training sessions are scheduled. And then almost nothing changes. 

 

“The greatest risk is winning the AI frontier but losing the AI era.” 
—  E r i c  S c h m i d t ,  F o r m e r  C E O ,  G o o g l e  ·  L i n k e d I n ,  F e b r u a r y  2 0 2 6  

Schmidt’s framing captures something the statistics confirm: technical leadership without cultural readiness 
produces expensive shelf-ware. The organisations winning the adoption race are not those with the best 
models. They are those who have done the harder work of organisational transformation. 
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S E C T I O N  2  

It’s not the technology. It’s the organisation. 
 

Every major research body now converges on the same diagnosis: AI adoption failure is 
primarily cultural and organisational, not technical. 

 

“The problem isn’t the technology — it’s that companies are treating AI as 
scattered point solutions rather than full organisational rewiring.” 
—  M c K i n s e y  S t a t e  o f  O r g a n i z a t i o n s  2 0 2 6  

“Cultural resistance represents the dominant barrier while companies 
allocate only 10% of transformation budgets to change management.” 
—  H a r v a r d  B u s i n e s s  R e v i e w ,  N o v e m b e r  2 0 2 5  

“AI delivers value only when people trust and understand it.” 
—  H i t a c h i  E x e c u t i v e ,  v i a  M c K i n s e y  r e s e a r c h  

Cultural resistance: the data 

 

35% 

cite organisational culture as the 
top AI adoption barrier 
PwC Global Survey 4,600 businesses 

42% 

of executives identify cultural 
resistance as their primary 
scaling challenge 
Capgemini Research Institute 

33% 

only one in three organisations 
prioritise change management in 
AI rollouts 
Industry Research 2024 

 

The pattern is consistent: technical investment outpaces change management investment by a ratio of roughly 
9:1. Organisations spend heavily on licences, infrastructure, and model access — and almost nothing on the 
human systems required to absorb and use these tools effectively. 

The Copilot Trap 

A specific failure pattern has emerged around Microsoft Copilot that illustrates this structural problem. Copilot 
users often appear to have ‘high adoption’ by usage metrics — but closer analysis reveals most remain at 
surface-level assistance, using AI to consume and summarise rather than to transform how they work. The tool 
enables passive consumption rather than active AI partnership. 

True AI maturity requires coordinated shifts across mindset, toolset, and skillset simultaneously. Deploying one 
without the others creates the illusion of adoption without the substance. 
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S E C T I O N  3  

Case studies: the same failure, different contexts 
 

Boston, USA: the 0.8% problem 

0.8% 

actual adoption rate 

Boston City Hall trained 25,000 employees on AI tools in 2024. 
Twelve months later, approximately 200 were actively using 
them — an adoption rate of 0.8%. 

The investment covered tool access, training sessions, and 
onboarding materials. It did not include: clear policy guidance on 
appropriate use, leader modelling of AI behaviour, workflow 
redesign to create natural entry points for AI, or cultural 
permission to experiment and fail. 

Source: Beth Simone Noveck, Reboot Democracy, February 2026. 

 

Australia: 73% behind, $116B at risk 

The Australian market shows the same pattern at national scale. Only 27% of ASX 200 companies have disclosed 
meaningful AI adoption, compared with 95% of US Fortune 500 companies. This 73% gap is not a technology 
access problem — the tools are available. It is a cultural readiness and organisational capability problem. 

 
The Australian Government’s own productivity estimates place $116 billion of annual economic opportunity at 
risk from slow AI adoption. Manufacturing adoption declined in Q4 2024. Government implementations show 
the Boston pattern — trained but unused. 

 

Australia’s trust in AI is among the lowest of any OECD nation — approximately 30%. Trust is not a feature of the 
technology. It is a function of how organisations introduce, explain, and model the use of AI to their people. 

 

Manufacturing: cultural resistance explicitly cited 

Multiple industry surveys identify cultural resistance as the primary adoption barrier in mining and 
manufacturing sectors specifically. The pattern here is distinct: frontline workers are rational actors who see AI 
as a threat to their expertise and job security, and they are responding accordingly by avoiding or gaming 
adoption metrics. 

The solution is not better change management communications. It is fundamentally different research — 
ethnographic, not survey-based — that surfaces the actual concerns, trust conditions, and workflow needs of 
people on the ground before deployment decisions are made. 
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S E C T I O N  4  

Double transformation: the evidence-backed solution 
 

“The winners will be those who pursue ‘double transformation’ — technical 
and organisational simultaneously — reimagining entire workflows from 
the ground up.” 
—  M c K i n s e y  S t a t e  o f  O r g a n i z a t i o n s  2 0 2 6  

Most organisations are doing one half of the transformation. They are acquiring technology, training staff, and 
updating IT infrastructure. They are not redesigning workflows, rebuilding trust architectures, developing 
genuine AI fluency in leadership, or measuring the cultural conditions required for adoption to take hold. 

 

5.3× 

higher success rate for 
organisations investing in 
cultural change alongside 
technology 
HBR 2025 

4.3× 

more likely to sustain financial 
results when people investment 
matches technical investment 
McKinsey 2026 

75% 

of all roles need fundamental 
reshaping for effective AI 
integration — not just training 
McKinsey 2026 

 

These multipliers are not marginal. A 5.3× success rate differential is the difference between a failed investment 
and a transformative one. Yet the default allocation of transformation budgets — 90% to technology, 10% to 
change management — produces exactly the adoption crisis described in this brief. 

W H A T  D O U B L E  T R A N S F O R M A T I O N  R E Q U I R E S  

Technical half (what most organisations do): 

– Tool selection, procurement, and deployment 

– Infrastructure and security architecture 
– Staff training and onboarding 

– Initial use-case identification 
 

Organisational half (what almost no one does well): 

– Ethnographic research on actual adoption barriers 
– Trust architecture design — policies, permissions, safety norms 

– Workflow redesign to create genuine AI entry points 

– Leadership fluency and modelling behaviour 
– Measurement of absorption, not just usage 
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S E C T I O N  5  ·  O R I G I N A L  R E S E A R C H  

The Absorption Gap: what we measure that others don’t 
 

The Absorption Gap is our original research framework, developed through ethnographic field 
studies in Australian organisations. It measures the delta between what individuals could do 
with AI and what their organisational environment actually allows them to do. 

 

Every organisation has two distinct AI realities: 

 
I N D I V I D U A L  C A P A B I L I T Y  

What people can do, given the right tools, 
permissions, and cultural safety. In most 
organisations, this ceiling is far higher than 
what employees are currently achieving — 
not because of skill gaps, but because of 
organisational constraints. 

Individual AI capability is growing rapidly as 
consumer and prosumer AI tools improve. 
Employees are already using these tools — 
often in hidden, undisclosed ways — to 
supplement what their employer provides. 

O R G A N I S A T I O N A L  
E N A B L E M E N T  

What the organisation actually permits, supports, 
and makes culturally safe. Policy gaps, trust deficits, 
missing infrastructure, unclear expectations, and 
leadership uncertainty combine to suppress what 
individuals can use in practice. 

This is the gap organisations don’t measure — and 
cannot measure with surveys, because employees 
self-censor their actual AI use when responding to 
official assessment instruments. 

Why surveys miss this 

Standard AI adoption surveys produce systematically inflated results. Employees report what they believe their 
employers want to hear, or what they are required to report. The 70% adoption figure that managers cite — and 
the 17% daily usage figure that independent research finds — represent the same population. The gap is entirely 
explained by the difference between social desirability bias in surveys and actual behavioural measurement. 

Ethnographic interview methods bypass this problem. In structured, neutral qualitative conversations, 
participants reveal their actual AI use, their actual concerns, and their actual barriers — not the socially 
acceptable version. This is the methodological core of the Ethnobot platform. 

The hidden use phenomenon 

A consistent finding across our interview research: a significant proportion of employees are using AI tools their 
organisation has not sanctioned, for tasks their employer does not know about, often producing work their 
employer considers ‘their own’ output. This is not a compliance failure. It is an enablement failure. 

These employees have found the value of AI independently. The organisation’s failure is not that they are using 
unsanctioned tools — it is that it has not created the conditions for this usage to become visible, shared, 
systematised, and improved. 
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S E C T I O N  6  

The AAA Maturity Model: a framework for measuring progress 
 

The Helix Lab’s AAA Maturity Model provides a three-stage framework for understanding where individuals and 
organisations sit on the AI adoption curve. Unlike capability-based maturity models, the AAA model is grounded 
in ethnographic evidence — in what people actually do, not what they say they do. 

 

S t a g e  W h a t  i t  l o o k s  l i k e  O r g a n i s a t i o n a l  s i g n a l  

Assist AI as a convenience tool. Task 
completion, summarisation, basic 
drafting. No workflow change. The 
‘Copilot Trap’ lives here. 

High tool spend, low transformation. Staff 
using AI for easy tasks. No systematic 
change in outputs or processes. 

Augment AI as a capability amplifier. Genuine 
workflow integration. Individuals doing 
qualitatively different work — faster, at 
higher quality, or at greater scale. 

Pockets of high performers using AI 
differently. Visible output quality gap 
between AI-fluent and non-fluent staff. 
Beginning of workforce polarisation. 

Adapt AI as a transformation driver. Workflows 
redesigned around AI. New organisational 
capabilities that didn’t exist before. 
Competitive moats built on AI-enabled 
processes. 

Systematic process redesign. AI 
embedded in hiring, performance, 
strategy. The organisation looks 
structurally different from competitors at 
Assist stage. 

 

Most organisations currently sit at the Assist stage. The shift to Augment requires deliberate organisational 
investment. The shift to Adapt requires structural transformation. The research consensus is clear: technology 
alone does not move organisations through these stages. Cultural intelligence does. 
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S E C T I O N  7  

What organisations should do 
 

The evidence points to five high-leverage interventions that consistently differentiate organisations that achieve 
AI value from those that do not: 

1. Measure adoption ethnographically, not with surveys 

Survey-based adoption measurement produces systematically inflated results that create false confidence and 
misdirect investment. Structured qualitative interviews — conducted by neutral researchers, not managers — 
reveal the actual landscape of AI use, the actual barriers, and the actual trust conditions required for adoption to 
scale. 

2. Close the policy gap before the trust gap 

In the absence of clear organisational AI policy, employees default to conservative behaviour or hidden use. 
Neither is optimal. A clear, enabling AI policy — one that grants explicit permission alongside clear boundaries — 
is the single highest-leverage change management action available to most organisations. 

3. Invest in leader modelling, not just staff training 

Employees take cultural cues from leaders. In organisations where senior leaders visibly use AI in meetings, 
presentations, and decision-making, adoption rates are significantly higher. The training-to-usage gap closes 
when leaders demonstrate, not just mandate. 

4. Redesign workflows, not just job descriptions 

AI value is unlocked at the workflow level. The organisations achieving the 5.3× return premium are redesigning 
how work is done — which tasks are done by AI, which by humans, and how the boundary between them is 
managed. Training people to use AI within unchanged workflows produces marginal results. 

5. Measure the Absorption Gap 

The difference between what your employees could do with AI and what your organisation currently enables 
them to do is your primary AI risk metric. It is also your primary AI opportunity metric. Most organisations have 
no systematic way to measure this gap. The Ethnobot platform was built specifically to do so. 
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A B O U T  T H I S  R E S E A R C H  

Ethnobot & The Helix Lab 
 

This evidence brief was produced by The Helix Lab and the Ethnobot research platform. We specialise in cultural 
intelligence for AI adoption — using ethnographic interview methods to measure the human and organisational 
dimensions of AI transformation that standard assessment tools cannot capture. 

Our work combines primary field research (structured qualitative interviews with employees and leaders across 
government, manufacturing, and professional services) with synthesis of the best available published research. 
The Absorption Gap framework and the AAA Maturity Model represent original intellectual property developed 
through this practice. 

We work with organisations in Australia, and internationally — with active research programmes in local 
government, state government, manufacturing, and education.  

 

Schedule a Cultural Intelligence Assessment 

If your organisation is experiencing the adoption gap described in this brief — or if you’re about to 
invest in AI and want to get the organisational half right from the start — we’d welcome a 
conversation. 

Contact: suhit@anantula.com  ·  ethnobot.cc  ·  suhitanantula.com 
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